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2. GRBs are often (always?)
degenerate!
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- What happens when MCMC iIs
applied to a degenerate
problem?
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loglEo) = 5253234




log(Eg) = 52.53%927
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Conclusions:

The parameter degeneracy can go unnoticed
when using the MCMC method

It Is Important to clearly identify the degeneracy
present in GRB afterglows models when doing fits
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